V. IIVIAH HABYAJIBHOI'O ITIPOLECY

Poznopin Po3mo/i1 TOAMH Ha THXKICHD 38 KypcaMH,
KOHTPOJIBHHX KinbkicTh roaus ceMecTpaMH i MOIyIbHUMH
3aXO0/iB 3a o arecTaliMHUMU LIMKIaMU
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1. LUK JACHUILIIH 3ATAJIBHOI IIIATOTOBKH
1.1 O60B's13K0Bi HABYAJIbHI IUCIUILTIHA
1 |IHo3emMHa MOBa poeciiiHOro CIpsAMyBaHHS 1 5 150 32 32 118 2 2 iH M
Ycboro 5 150 32 0 32 0 118 2 2 0 0 0
1.2. Bu6ipkoBi qucuumiinu
1 |Bubipkosi aucrurutiam (10aatox 1) 2-3 10 2 2 4
Ycboro 10 300 64 32 32 0 236 0 0 2 2 4
y.u,oro 3a HABYAJILHHMH JHCIHUILIIHAMH 3araJbHOi 15 450 9 32 64 0 354 5 2 2 5 4
MiArOTOBKH
2. IAKJI JUCIUILITH TPO®ECIIHHOI MIATOTOBKHA
2.1 OG0oB'A3K0BI HABYAIBLHI AMCHUTLTIHH
2.1.1 O60B’s13K0Bi HABYAIBHI JUCIHILIIHH 32 cneHiaJbHiCTIO
1 [Mpoceciiini KOMyHiKalii Ta iHTEJIEKTyalbHa BIACHICTh 2 5 150 32 16 16 118 2 2 3T®
Kowmm'toTepHe MojienOBaHHsI 3a/1a4 MPUKIIAJHOL
2 PHE MO A TIpHICTAA 1 ipp| 10 | 300 | 80 | 32 48 | 20| 4 6 M 1a MCC | oxpenmo
MaTeMaTHKN
Ycboro 15 450 112 48 16 48 | 338 4 6 2 2 0
2.1.2. O00B'A3K0BI HABYAJILHI THCHHUILIIHHU 32 0CBiTHBOIO porpamoro 113.1 "Ilpukiaagna matemaTuka'
1 JAnropurMu MalIMHHOTO HaBYaHHS 1 5 150 64 32 32 86 4 4 IIM ta MCC | okpemo
2 |Applied Econometrics (ITpukiiagHa eKOHOMETPHKA) 1 1KP| 10 300 80 48 32 220 6 4 IM ta MCC | okpemo
Modeling of Neural Networks (M
g [Modeling of Neural Networks (Monenmosatia 2 |2kp| 5 | 150 | 64 | 32 | 32 86 4 4 IIM ta MCC | oxpemo

HEHPOHHUX MEPExK)




2 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19
Nonhnear processes and models (Heuniniiini npouecu 2 | 2pp 5 150 64 32 2 86 4 4 1M 1a MCC | oxpemo
Ta MOJIEIT)
Meroau aHai3y BEIMKUX JaHUX 3 | 3pp 5 150 64 32 32 86 8 IIM Ta MCC | okpemo
Ycboro 30 900 336 | 176 | 160 0 564 10 8 8 8 8
2.1.3. O00B'13K0Bi HABYAJILHI AUCUHUILTIHH 32 OCBiTHBOIO Nporpamoro 113.2 ""Hayka npo aaHi Ta Mo/1e/II0BaAHHS CKJIAJHUX cucTem"
ITajiToH Ta aHaJI3 JaHUX B 3a[aUax HAYKH PO JaHi
1 1 4 2 2 4 4 IIM ta Ml
(Python and Data Analysis in Data Science) 5 50 6 3 3 8 Ta MCC | oxpento
Applied Econometrics (IIpukiaaHa ekoHOMETpUKa) 1KP| 10 300 80 48 32 220 6 4 IIM ta MCC | oxpemo
Marmnnne HaBuyanus (Machine Learning) 2 | 2KP 5 150 64 32 32 86 4 4 IIM ta MCC | oxpemo
I'padosi iimoBipricHi mogeni (Graphical Probabilistic 2 | 2pp 5 150 64 32 2 86 4 4 1M 1a MCC | oxpemo
Models)
Anaui3 Beaukux HabopiB gqanux (Mining Massive 3 | 3pp 5 150 64 32 2 86 8 1M 1a MCC | oxpemo
Databases)
Ycboro 30 900 336 | 176 | 160 0 564 10 8 8 8 8
2.2.1. Bu6ipkoBi HaBYAJIbHI AMCHMILTIHY 32 0CBiTHLOI0 mporpamoro 113.1 "lIpukiaaana matemaTuka"
UncenbHa onTUMI3aLis 2 | 2pp 5 150 32 16 16 118 2 2 IM 1a MCC | okpemo
MopentoBanHsi Gi3HEC-TPOLECiB 2* | 2pp| 5* IIM ta MCC | okpemo
Kowmn IOTEPHE Ta MAaTEMaTUIHE MOJICIIFOBAHHSA 34 2 2pp 5 150 32 16 16 118 2 2 IIM ta MCC OKpeMO
1aCOBUMH psATaMU
BeiiBier-ananis 2* | 2pp | 5* IIM ta MCC | okpemo
IMapanensHi Ta po3moineHi 00UHCIECHHS 3 | 3pp 5 150 32 16 16 | 118 4 IM ta MCC | okpemo
Maremaru4Hi Mojeni B piHaHcax 3* | 3pp | 5* IM ta MCC | okpemo
MOﬂeHIOBaHH'}I B3a€MOJIiil YaCTHHOK i OB y 3 | 3pp | 5 1M 1a MCC | oxpeno
IUIa3MOBOIIOAIOHUX CePeOBUILAX
Ycboro 15 450 96 48 16 32 | 354 0 0 4 4 4
2.2.2. BubipkoBi HaBYAJbHI AMCHMILTIHY 32 0CBiTHHOI0 Mporpamoio 113.2 "Hayka npo aani Ta MoJeTI0BaHHSA CKJIATHUX cHcTeM"
Heniniitai mporecu ta moaedi (Nonlinear processes 2 | 2pp 5 150 12 16 16 118 2 5 1M 1a MCC | oxpemo
and models)
MozentoBanHs Gi3Hec-poLeciB 2* | 2pp | 5* IM 1a MCC | okpemo
Komm'ioTepHe Ta MaTeMaTHIHE MOJICTIOBAHHS 3a 2 | 2pp 5 150 2 16 16 118 2 9 1M 1a MCC | oxpeno
4aCOBUMH PsIaMU
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Jekan dakynbreTy

Enexrponiku Ta iHpOpMaIiHHUX TEXHOJIOT1H

(migmmc)
3aBinyBau Kadenp i3 crnenianpHoi ((haxoBoi) miAroToBKH
IpuknaqHOT MATEMAaTHUKK Ta MOZACIIIOBAHHS CKIIAJHUX CHCTEM

(mimmc)
KepiBHuk po6o4oi npoekTHOI rpynu
OIIIT 113.1 "lMpukmnagna MaTeMaTuka'
KepiBHuk po60o4oi NpoekTHOT rpynu
OIIIT 113.2 "Hayka npo aaHi Ta MOJETIOBaHHS CKJIAJHAX cUCTEM"

(migmmc)

IO OJIKEHO:

HavanbHUK OpraHi3aliifHO-MEeTONYHOTO YIIPaBIiHHSI

(miznuc)

Hpoznenxo O.0.

Kormnuk 1.B.

Xomenko O.B.

Kus3p 1.O.

IOckaes B.b.

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19
UncenbHa ONTHMI3allis 3* | 3pp | 5* IM ta MCC | okpemo
Maremaru4Hi Mojeni B pinaHcax 3* | 3pp | 5* IM ta MCC | okpemo
Ycboro 15 450 96 48 16 32 | 354 0 0 4 4 4

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19
Yeboro 3a qucuuniiinamMu npodeciiinoi miaroToBku 60 1800 | 544 | 272 | 192 80 | 1256 14 14 14 14 12

3. IAKJ MPAKTUYHOI MIATOTOBKHA

1 [llepenauriioMHa npakTuKa 3 5 150 150 IIM ta MCC | okpemo

Ycboro npakTHYHOI MiATOTOBKH 5 150 0 0 0 0 150 0 0 0 0 0
4. ATECTALISI

1 [KBanidikauiiina pobora marictpa 3 10 300 300 IIM Ta MCC | okpemo
Yeboro aTecranii 10 300 0 0 0 0 300 0 0 0 0 0
3arajbHa KiIbKicTh 90 2700 | 640 | 304 | 256 80 | 2060] 16 16 16 16 16
KinbkicTb ToAMH HA THAKAEHb 16 16 16 16 16
KinbkicTb ek3aMeHiB 2
KinbkicTsb 3aiikiB 2 6 3
KinbkicTh KypcoBux podit 1 1




